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Abstract

An image is said to be worth thousands of words. However, in reality, people are
not always satisfied with existed images. That’s why image blending comes to its life.
Its goal is first to extract target objects from source images, and then to embed them
to the target image. Nowadays, there are three popular methods as follows: one is the
method used in Adobe Photoshop (not yet been published); the second is to blend two
images through constructing Laplacian pyramid and doing interpolation; the third is
‘Poisson Image Editing’, which has been the basis of many blending algorithms in
recent years. Although ‘Poisson Image Editing’ has concise expressions and is easy to
understand and compute, its biggest weakness is that it has to rely on the extracted
contour by users manually. Because it needs that users can draw the contour even for
some complex images, it really gives users a great deal of inconvenience.

This paper presents a new way based on ‘Poisson Image Editing’ to do image
blending. Its goal is to make users free of the tedious task of manually extracting
images’ contours and improve the quality of integration. This new way of image
blending consists of three main processes. Firstly, 1 will extract the to-be blended
areas or objects (areas or objects interested) from the to-be blended images. Secondly,
I can obtain the exact contours of the to-be blended areas or objects based on the first
step. Thirdly, I will apply Poisson blending to do image blending based on the exact
contours of the to-be blended areas or objects. The core of this new way of image
blending is still Poisson blending, so it itself has the advantage of handling
illumination changes between images which is the immanent advantage of Poisson
blending. What’s more, and what is important is that, doing GrabCut and getting the
exact contours first overcome the bad results of the blending boundary areas, because
in traditional Poisson blending, the blending contours are too big. This in all makes
the new way of image blending can better handle texture or color differences and
produce preferable pleased results.

Keywords: image blending  Grabcut  exact contour  Poisson blending
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HESEFA Y] Gauss-Seidel IA4U, BUE R T V-2 HRHE

19



I N e e S VA9

oL T

el T4 T
K 10: AN 2R EA R E RN SRS NB I 5 DR 1R R ik
15K Z Ak IR A bR 2 ISR AN 22 57, AEIRAh A4 T ARHE R B I AN E
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